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Abstract

This article briefly reviews the innovation
process of the cochlear implant (CI),
covering the historical development, sound
processor architecture, evaluation methods,
and the trend towards artificial intelligence
(AD). Understanding the past helps
illuminate the path towards the future. With
advances in technology, the innovation of
CI signal processing in the early days
started with hardware, including an
increased number of electrodes. Through
the improvement of the pre-processing
approaches and sound coding strategies,
contributions of many experts have
benefited numerous CI listeners. Within the
current wave of technology, research in CI
will continue its journey of innovation
toward Al
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